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.abel Name : Classification results according to labeling method
Criteria @) C-rate @ Load condition @ SOC
Label 1 Label 2 Label 3 Label 4 Label 5

111 723 551 612 731 ...
0.02132 0.01578 0.03642 | 0.008443 | 0.01621 |...-...
0.02167 0.01586 0.03644 | 0.008572 | 0.01633 |......

Label for Point
0.02218 0.01612 0.03651 0.008574 [ 0.01642 [. .. ...
0.02231 0.01674 0.03667 | 0.008595 | 0.01651 [..---.
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Fig. 1 Labeling mechanism by point for configuring the input
databased of Al based time-series estimation model
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Fig. 2 Architecture of Bi-directional LSTM and training process
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Fig. 3 Detailed configuration and development of Yocto project
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Fig. 5 Detailed configuration and development of Yocto project
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