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Fig. 2 Fine-tuning process according to data similarity
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Fig. 3 Driving data graph
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Table 1. Hyperparameter table

batch window epochs
Pre-training 2048 20 200
Fine-tuning 2048 20 100
Vanilla(EV) 2048 20 200
Vanilla(Railway) 2048 20 100
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Table 2. State diagnosis error table

Vanilla Vanilla Transfer
(EV) (Railway) Learning
MAE(%) 28% 9.3% 9.0%
MAE(C) 017 0.057 0.056
4 ZE

B =FoldE EV F3 doleel doldhsy Mg sjuke
Araege] Jee Adkehs Wk Aok = 5
[e)

= 2k ]— 4 =1
o Ads @2 71 dExd et a5l 248k
o 2 A, 71 e el Hls dojsts wiE A8
g AEAE Wl ¥ w2 eAkE VIEsit o8 F9l, Al
ohd ezl el Aes HIakien, EAF 99 w
B2 F30shs 2l E o] il dojshy e 4
& A, 718 g mds B9 AHAY gy e 2
A= 71 E 5 3l Aotk

SHMHEEML)e Rfeoz st2HT
2 72l (No.RS-2023-00510755)

i)
ki
40
e

[1] Ram Machlev, EV battery fault diagnostics and
prognostics using deep learning: Review, challenges &
opportunities, Journal of Energy Storage, Volume &3,
2024, 110614, ISSN 2352-152X

[2] Xuning Feng, Thermal runaway mechanism of lithium
ion battery for electric vehicles: A review, Energy
Storage Materials, Volume 10, 2018, Pages 246-267

[3] Vaswani, "Attention is all you need.” Advances in neural
information processing systems 30 (2017).

- 791 -



