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Extraction of Optimal Frequency Factor based on EIS and AdaBoost-GRU
Ensemble Model Construction for Battery SOH Estimation
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Energy Storage Conversion Lab, Chungnam National University”
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Fig. 1 Sensivitive value of EIS data variation according to
frequency (a) SOH-Magnitude, (b) SOH-Phase, (c) SOC-Magnitude,
(d) SOC-Phase, (e) Temperature-Magnitude, (f) Temperature-Phase
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Fig. 2 Sensitivity coefficients for extracted frequency (a)
Magnitude, (b) Phase
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Fig. 3 AdaBoost-GRU ensemble mode! flowchart
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Table 1 SOH estimation error by operating conditions

SOC SOC SOC

Case 0C 25T 55T 0% 0% 0%

RMSE(%) | 162 1.28 1.76 1.35 087 119
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[1] Busari, Ganiyu Adewale, and Dong Hoon Lim. "Crude oil
price prediction: A comparison between AdaBoost-LSTM
and AdaBoost-GRU for improving forecasting performance.”
Computers & Chemical Engineering 155 (2021): 107513.
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