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A study on the selection of the optimal regression model
for the estimation of battery capacity in a realistic operation environment

Seunghwa Sin”, Jonghoon Kim"
Energy Storage Conversion Lab., Chungnam National University”
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Fig. 3 Capacity estimation results by regression model
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Fig. 3 Capacity estimation results by regression model under

realistic operation environment
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Table 1 Comparison of estimation accuracy by regression model
RE MILR SVR
MAE 0.0145 0.0052 0.0042
RMSE 0.0197 0.0067 0.0059
R2 0.9576 0.9950 0.9962
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Table 2 Comparison of estimation accuracy by regression model
under realistic operation environment

RF MLR SVR

MAE 0.0253 0.0526 0.0328
RMSE 0.0336 0.0634 0.0371
R2 0.8765 05610 0.8494
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