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Day—-ahead forecasting for photovoltaic generation with Informer
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Hanyang university
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Table 1 The hyperparameters for informer
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Table 2 The results of performance for photovoltaic generation

A A3
nRMSE (%) MAE (kW)
Transformer 19.78 21.83
Informer 16.72 16.94
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Fig.1 The forecasting photovoltaic generation with informer
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