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Validation Data: Actual vs Predicted MaxTemp

Y 8 ¥ B

MaxTemp Values
M

®?ow B oM

— Aciual MaxTormp
=== Predicted MaxTemp

o 1000 2000 3000 4600 5000

Time Steps
Validation Data: Actual vs Predicted MinTemp

B

]

MinTemp Values
2 B R B

— Actual MinTemp
-~ Pradicted MinTemp

=

0 1000 2000 3000 4000 5000

Time Steps

O3 1 Transformer 2 EAYE &2 ¥ o523 J=

Validation Data: Actual vs Predicted Pack\ol

= Actuai Packviol
-~ Pradicted PackViol

-] 1000 2000 3000 4000 5000
Time Steps

Validation Data: Actual vs Predicted Gurrent

o 1000 3000 4000 5000
Time Steps
Valdation Data: Actual vs Predicted StdCallv
B — Actual StdCelv
Predicted StdCellV

(1]
i
z
5 5

45

Fig. 1 Original and predicted result graph by Transformer model characteristics
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TABLE 1 Algorithm model experiment accuracy and loss value

Loss Accuracy
LSTM-AutoEncoder 0.017 94.9%
Self-Attention 8.79%-05 97.8%
Transformer 1.52e-05 98.7%
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